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Reverse engineering of biological networks
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Synthetic Biology
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Synthetic Biology
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Fig. 1. A prototype embedded biomolecular closed loop feedback control system
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Implementing Nonlinear Feedback Controllers
Using DNA Strand Displacement Reactions
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Mathematical modelling for excitable cells
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Article

From Local to Global Modeling for Characterizing
Calcium Dynamics and Their Effects on Electrical
Activity and Exocytosis in Excitable Cells
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Geometric slow—fast analysis of a hybrid pituitary cell model
with stochastic ion channel dynamics
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Epidemiological systems: modeling, analysis and control
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Interacting With COVID-19: How Population
Behavior, Feedback and Memory Shaped
Recurrent Waves of the Epidemic
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Data-driven predictive models from acoustic

emission tests
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Pattern recognition and signal classification
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